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ABSTRACT  

Purpose: This study explores the influence of AI-driven marketing 
analytics on strategic decision-making processes in Sri Lankan private 
universities. AI-driven analytics enable private education institutions to 
offer insights for targeted student recruitment campaigns and optimized 
resource allocation. 

Design/methodology/approach: A quantitative methodology was 
adopted, employing a deductive approach to test hypotheses related to 
AI adoption and its impact on strategic decision-making. The study 
focused on 225 managers, decision-makers, and administrative staff 
involved in marketing and decision-making processes within private 
universities. Data were collected through a structured questionnaire 
survey, analyzed using SPSS v26, and validated through reliability, 
regression, and moderator analyses. 

Findings: There is a positive and statistically significant impact of AI-
driven marketing analytics on strategic decision-making effectiveness. 
Organizational culture emerged as a critical moderator, influencing how 
AI tools are utilized. Institutions with innovation-oriented cultures were 
found to adopt AI technologies more effectively, promoting adaptability, 
experimentation, and collaboration.  

Originality: This study uniquely integrates organizational culture as a 
moderating factor, providing new insights into how innovation-oriented 
cultures enhance AI adoption and utilization. By addressing gaps in 
existing research on AI applications in educational marketing, this study 
offers a novel framework for leveraging AI tools to optimize decision-
making in higher education institutions. 

Implications: The study highlights the importance of fostering data-
driven and innovation-focused cultures within universities to maximize 
AI adoption. Recommendations include investing in AI tools, staff 
training programs, and ethical data governance frameworks. 
Additionally, collaborative decision-making models integrating AI 
insights with human expertise are suggested to optimize strategic 
outcomes. 
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Introduction 

In recent years, Artificial Intelligence (AI) and marketing analytics have emerged as 

transformative tools (Eboigbe et al., 2023). AI decision-making tools are increasingly used 

in different industries due to their effectiveness. When referring to the education sector, 

these technologies offer immense opportunities for the administrators of universities to 

make effective data-driven decisions (Teng et al., 2023). The education sector is becoming 

highly competitive with higher enrollments (Gryshchenko et al., 2021). On the other hand, 
student engagement is also intensified. AI-driven analytics provide institutions with the 

ability to process vast amounts of data and predict trends which help them to make more 

accurate and timely decisions (Alsharari, 2018). Globally, organizations across sectors are 

increasingly relying on AI to enhance marketing efficiency (Davenport et al., 2020). AI-

based decision-making allows management to allocate resources effectively (Alapati & 

Valleru, 2023). Educational institutions have begun to harness AI-powered tools. The 

main AI tools used in education decision making are  predictive modeling, machine 

learning algorithms, and real-time data visualization. These are usingto refine their 

marketing strategies (Abubakar et al., 2019). When educational institutes use AI for their 

marketing decision making, they can have the opportunity to target specific 

demographics and, personalize communication with prospective students (Nieto et al., 

2019). 

The higher education sector in Sri Lanka is playing a vital role in developing talent for 

economic development (Wickramasinghe, 2018). Most of the higher education institutes, 

including both government and private universities, offer a range of programmes for the 

younger generation. These institutes offer diplomas, undergraduate and postgraduate 

qualifications for the candidates. The higher education industry has higher competition 

to attract more students. They target young students and professionals for their 

qualifications following different marketing channels such as social media, television, 

printed media, email marketing(Perera et al., 2023). Therefore, effective marketing is 

necessity for these educational organisations to stay competitive in the market. Especially 

private universities are highly dependent on attractive marketing campaigns to attract 

students. The current study is focusing on strategic decision making related to 

educational marketing. Strategic decision-making in educational marketing refers to the 

process of making informed decisions on key marketing administrative tasks , namely, 

student recruitment, resource allocation, and campaign design. There is a growing trend 

among these institutes to shift from traditional marketing to data-driven strategies. There 

is limited empirical studies on AI use in marketing within the education sector in Sri 

Lanka. However, local education institutes made digital transformation efforts to 

integrate AI (Kasthuriarachchi et al., 2018). Organizational culture remains a critical 

factor influencing how effectively AI tools are utilized for decision-making. 

Sri Lanka as a developing nation, it gradually adopting AI technologies in different fields, 

including education (Seneviratne et al., 2020). Research proves that the integration of AI 

into the educational field in Sri Lanka is still lagging behind (Aflal et al., 2024). AI-driven 
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tools have the potential to optimize service offerings and engage with stakeholders 

(Henadirage & Gunarathne, 2024). However, due to infrastructure limitations, lack of 

expertise, and resistance to change among educational stakeholders, the adoption is 

slower.  

In this competitive landscape, it is important to make data-driven decisions based on AI 

which can offer a competitive advantage for Sri Lankan educational institutions (Perera 

& Iqbal, 2021). AI-driven decision-making helps education institutes to identify trends in 
student behaviour, and regional demand (Abubakar et al., 2019). This can help these 

institutions to develop more targeted recruitment campaigns. This will increase the 

enrollment rates and reduce acquisition costs. Well-designed marketing strategies 

enhance the institution's brand image (Da Costa et al., 2018). Therefore, these institutions 

can attract high-quality students and partnerships, which ensure sustainable growth. 

However, when reviewing literature, the studies related to AI integration in marketing 

decision making in Sri Lankan education sector is lacking. Most of the studies are done to 

analyse the effectiveness of AI tools in teaching and learning processes (Perera & 

Uduwela, 2024; Ediriweera et al., 2025). Another set of Sri Lankan studies have focused 

on challenges in adopting AI in education settings (Henadirage & Gunarathne, 2024; 

Rajapakse et al., 2024). There is a clear literature gap in AI usage for strategic marketing 

decision making in Sri Lankan universities.  Further, the integration of organizational 

culture in this framework is further lacking in previous studies. This study answers the 

research question of “What is the impact of using AI-driven analytics on strategic 

marketing decisions in Sri Lankan education institutions?”. The main objective of this 

research is to identify the impact of using AI-driven analytics on strategic marketing 

decisions in Sri Lankan education institutions. 

Literature Review 

Effectiveness of Strategic Decision-Making  

Strategic decision-making is a critical process through which organizations determine 

their long-term direction, allocate resources effectively, and establish priorities to achieve 

their goals (Fuertes et al., 2020). It involves analyzing complex information, weighing 

alternatives, and making choices that have significant implications for an organization’s 

performance and sustainability (Ghasemaghaei et al., 2018).  In organizational 

management, strategic decision-making extends beyond day-to-day operational tasks. It 

focuses on high-level decisions that shape the future trajectory of an institution, such as 

market positioning, resource investments, and competitive strategies (Alhawamdeh & 

Alsmairat, 2019; Alvarez-Mila n et al., 2018; Namany et al., 2019). These decisions are 

typically data-driven, requiring a deep understanding of internal capabilities, external 

opportunities, and emerging trends. When referring to strategic decision-making in 

marketing, it involves identifying target audiences, allocating budgets across multiple 

channels, and analyzing market trends and consumer behavior (Hosen et al., 2024). 

Therefore, scholars have a similar perception toward strategic decision making due to its 

positive contribution to organizational performance. 
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Strategic decision-making plays a pivotal role in shaping the trajectory of organizations, 

especially in dynamic and competitive environments (Hera et al., 2024). Calabretta et al. 

(2017) highlight the interplay between intuition and rationality as central to strategic 

decision-making. Using a paradoxical lens, their research underscores the inherent 

pressure between these two approaches. This highlights that that effective decision-

making often requires integrating intuitive insights with rational practices. This 

integration fosters outcomes that align with both immediate situational demands and 

long-term organizational goals. Abubakar et al. (2019) explore the relationship between 

decision-making styles and organizational performance, emphasizing the role of 

knowledge management as a mediating factor. Their framework suggests that 

collaborative organizational practices, T-shaped skills, and IT support enhance 

knowledge creation processes, which in turn influence strategic decisions. Troisi et al., 

(2020)’s exploration of growth hacking within the B2B segment emphasizes the 

transformative role of Big Data analytics and cognitive computing in reshaping marketing 

decisions. The Growth Hacking model enables firms to exploit opportunities offered by 

Big Data and cognitive computing which foster innovation, customer relationship 

management (CRM), and product development (Bargoni et al., 2024). The study's findings 

reveal that data-driven marketing is not merely a tool for enhancing efficiency but also a 

strategy for sustained competitive advantage, enabling firms to make informed decisions 

based on continuous data-driven insights. Therefore, researchers highlighted the 
contribution of big data and AI in strategic decision making in marketing operations 

(Bargoni et al., 2024; Troisi et al., 2020).  

Even if several scholars have studied strategic decision making related to marketing, the 

studies related to educational marketing is not captured. Therefore, there is a significant 

theoretical and empirical gap in educational marketing decision making using AI. Several 

studies being done to analyse the role of AI in improving strategic decision making. Big 

data offers a transformative potential by enabling organizations to collect, process, and 

analyze large amounts of information through the latest technologies (Vassakis et al., 

2018). This capability shifts decision-making from intuition-based judgments to 

evidence-based strategies, where data becomes the foundation of managerial and 

operational decisions (Tiwari, 2024). AI serves as a critical enabler in this framework, 

allowing businesses to derive actionable insights from data by automating complex 

analytical tasks, recognizing patterns, and predicting future trends (Maddireddy & 

Maddireddy, 2021). AI enhances decision-making effectiveness by integrating big data 

into every layer of the organization, starting with the revision of traditional business 

information systems (Narne et al., 2024)Adopting AI-powered analytics can help firms 

organize and explore data more efficiently. It ensures that valuable information is 

accessible and actionable.  

AI enables organizations to process vast amounts of data quickly and accurately. Cyber-

Physical Production Systems (CPPSs), as discussed by Andronie et al., (2021) highlight 

how AI-driven analytics and IoT sensing networks facilitate real-time monitoring and 

decision-making. By integrating deep learning and sensor networks, CPPSs achieve 
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greater interoperability and flexibility, empowering organizations to optimize operations 

significantly. Research highlights that balancing AI’s capabilities with human judgment is 

critical, especially in decisions requiring ethical or intuitive reasoning (Duan et al., 2019). 

The interaction between AI systems and human decision-makers must be seamless to 

enhance effectiveness. Further, the accuracy and reliability of AI outputs depend heavily 

on the quality of input data (Patchipala, 2023). AI finds diverse applications across 

industries to support strategic decision-making. According to previous studies, IoT-

enabled AI systems enhance operational efficiency by providing actionable insights into 

production processes and logistics. These systems enable agile decision-making to adapt 

to changes in real-time (Hicham et al., 2023).  

Huang & Rust, (2021) further elaborate on integrating AI into strategic marketing through 

a three-stage framework that combines mechanical AI, thinking AI, and feeling AI. 

Mechanical AI automates repetitive functions, such as data collection and 

standardization, enhancing operational efficiency. Integrating AI into strategic decision-

making offers a structured pathway to optimizing marketing efforts. In the research stage, 

AI supports the segmentation, targeting, and positioning (STP) process by providing 

granular insights into market dynamics and customer behavior. Stone et al. (2020) 

emphasize the need for focused research into the application of AI in strategic marketing 

decisions. While operational AI applications like customer segmentation and campaign 

automation are well-studied, strategic decisions, such as long-term branding, market 

positioning, and resource allocation, remain underexplored.  

AI-Driven Marketing Analytics  

The use of Artificial Intelligence (AI) for analysis involves leveraging advanced algorithms 

and machine learning models to process, interpret, and derive insights from large and 

complex datasets (Machireddy et al., 2021). AI's analytical capabilities are transformative 

across industries due to their precision, scalability, and ability to uncover patterns and 

trends that may not be immediately apparent to humans (Nama et al., 2023). AI 

empowers data-driven systems to move beyond reactive approaches to proactive, self-

aware, and predictive analytics (Raghunath et al., 2023). As Kibria and Kibria et al., (2018) 

explain, next-generation wireless networks benefit from AI’s ability to exploit large 

datasets, enabling intelligent, cost-effective operations systematically. AI-driven tools 

predict future trends, identify patterns, and provide prescriptive solutions for 

optimization and decision-making. AI handles massive datasets efficiently through 

advanced algorithms like Machine Learning (ML), which evolve as they process more data 

(Haleem et al., 2022). This scalability is essential in diverse domains, from 

telecommunications to finance, where traditional data analysis tools fail to meet modern 

complexities. By using data from various sources, AI systems provide unified analyses. As 

discussed by Paschen et al. (2019) foundational AI frameworks transform raw data into 

actionable information by leveraging interconnected components. 

The current study is focused on AI based marketing decision making. AI transforms 

customer experiences by personalizing interactions based on insights derived from 
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customer behavior and preferences (Boppiniti, 2022). As literature highlight, AI 

algorithms analyze consumer data to determine optimal content, timing, and channels for 

targeted marketing (Babatunde et al., 2024). This personalization enhances customer 

satisfaction and loyalty. Further, research highlights that AI tools can analyse the 

performance of competitors’ campaigns, providing actionable insights into their 

strategies and customers’ expectations (Iyelolu et al., 2024; Rahman et al., 2024). This 

data informs businesses about market positioning and potential areas for differentiation. 

AI employs Natural Language Processing (NLP) to assess consumer sentiments and 

electronic word-of-mouth. Mustak et al., (2021) identify consumer sentiment analysis as 

a dominant research theme for understanding market trends and customer feedback. 

Further, AI’s predictive models evaluate marketing strategies, improving campaign 

performance and resource allocation. Artificial Intelligence (AI) for analysis significantly 

enhances the effectiveness of strategic decision-making by enabling organizations to 

process large and complex datasets, identify patterns, and generate actionable insights 

with high accuracy and efficiency. AI-driven tools also enable businesses to evaluate 

competitors' strategies, assess consumer behavior, and develop personalized marketing 

campaigns, leading to more informed and targeted decisions (Paschen et al., 2019; Mustak 

et al., 2021). Furthermore, AI's ability to integrate diverse data sources and perform real-

time sentiment analysis empowers decision-makers to adapt quickly to dynamic market 

conditions. Based on these evidences, the following hypothesis is developed; 

H1: There is a significant impact of the AI-Driven Marketing Analytics on the Effectiveness 

of Strategic Decision-Making. 

Organizational Culture  

Organizational culture refers to the shared values, beliefs, norms, and practices that shape 

the behavior and attitudes of individuals within an organization (Di Stefano et al., 2019). 

It serves as the foundation for how employees interact, make decisions, and approach 

their work (Elsbach & Stigliani, 2018). Organizational culture influences communication 

styles, leadership approaches, and decision-making processes, creating a collective 

identity that guides the organization’s operations and strategic direction (Akanji et al., 

2020). A strong organizational culture promotes alignment with organizational goals, 

fosters employee engagement, and enhances performance, while also enabling effective 

responses to challenges and opportunities (Ababneh, 2021). Innovation is a part of 

organizational culture (Tian et al., 2018). It emphasizes creativity, experimentation, and 

adaptability which fosters an environment where employees are encouraged to generate 

new ideas, take risks, and challenge the current situation. It promotes a forward-thinking 

mindset that values learning, continuous improvement, and flexibility in problem-solving. 

Organizations with a strong innovation-oriented culture prioritize research and 

development, invest in emerging technologies, and support collaborative efforts to drive 

breakthroughs. Therefore, it is clear that organizational culture is an important 

component of continuous improvement in any organization. 
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This study, done by Cao et al. (2021), emphasises that managers' attitudes and personal 

concerns about AI are crucial for its adoption. The findings highlight the importance of 

favourable facilitating conditions to alleviate concerns and enhance AI acceptance. Hence, 

it can be argued that a culture that promotes innovation, supports AI use, and reduces 

personal concerns can positively influence the relationship between AI use and decision-

making effectiveness. The study done by Chaudhuri et al., (2024), similar to the findings 

of Cao et al. (2021), demonstrates that a data-driven organizational culture significantly 

influences product innovation and process improvement, which ultimately enhance 

overall performance. Therefore, it is clear that organizations with a data-driven culture 

are better equipped to adapt to AI tools and leverage their potential for strategic 

outcomes. AI-based decision-making algorithms differ from human decision-making, 

particularly in terms of interpretability, speed, and replicability according to Shrestha et 

al., (2019). It proposes frameworks for combining human and AI decision-making. 

Therefore, it can be argued that cultures that promote collaboration between humans and 

AI (e.g., hybrid or aggregated decision-making structures) can maximize the benefits of 

AI for strategic decisions. Based on these evidence, the following hypothesis is developed; 

H2: Organizational culture moderates the relationship between AI-Driven Marketing 

Analytics and the Effectiveness of Strategic Decision-Making  

Methodology  

Research Approach 

This study follows a quantitative methodology. The objective of this study is to examine 

the impact of AI usage for analysis on the effectiveness of strategic decision-making. . 

Hypotheses were built up based on the findings from Kibria et al. (2018) and Haleem et 

al. (2022). Therefore, the findings are derived from established data-driven decision-

making theories, AI analytics, and organizational performance. Hence, deductive 

approach was followed in this study. The deductive method allows for hypothesis testing 

using quantitative techniques, enabling researchers to validate or reject theoretical 

assumptions based on empirical evidence (Barroga et al., 2023).  It ensures objectivity, 

reliability, and generalizability of findings, making it particularly effective for examining 

causal relationships and quantifying the impact of AI on strategic decision-making. 

Conceptual Framework 

 

 

 

 

 

AI-Driven 

Marketing 

Analytics  

Effectiveness of 

Strategic 

Decision-Making  

Organizational 

culture  

H2 

H1 

Figure 1.  Conceptual Framework 
Source: Developed by the Author based on prior empirical studies, 2024 
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Operationalization 

Table 1  
Operationalization 

Variable Definition Indicators Sources Measurement 
AI-Driven 
Marketing 
Analytics  

The application of 
artificial 
intelligence 
technologies to 
collect, process, 
and analyze large 
datasets in order 
to generate 
actionable 
marketing 
insights  

Data processing 
capability 
Predictive 
analytics 
Resource 
optimization 
Scalability of AI 
systems 
Real-time analysis 
Personalization in 
marketing 
 

(Allil, 2024; 
Sharma et al., 
2023) 

5-Point Likert 
scale 

Organizational 
culture  

The shared 
values, beliefs, 
norms, and 
practices within 
an organization 
that shape 
employee 
behaviors. 

Shared values 
Strategic 
alignment 
Innovation  
Support for 
technology 
adoption 
Human–AI 
collaboration  
Data-driven 
decision emphasis 
Risk-taking  
Continuous 
learning  

(Di Stefano et 
al., 2019; 
Shrestha et al., 
(2019)).  

 

Effectiveness of 
Strategic Decision-
Making  

The extent to 
which an 
organization 
makes high-
quality, data-
informed, goal-
oriented, and 
collaborative 
decisions that 
lead to desired 
long-term 
outcomes. 

Decision quality 
Decision accuracy 
in marketing 
Consumer insight 
utilization 
Resource 
allocation 
efficiency 
Alignment with 
long-term goals 
Knowledge 
Sharing 
 Stakeholder 
collaboration 

(Ghasemaghaei 
et al., 2018; 
Stone et al., 
2020).   

 

Population and Sampling 

The population for this study comprises managers, decision-makers, and administrative 

staff involved in strategic decision-making processes within private universities in Sri 

Lanka. These individuals are directly or indirectly using AI tools for data analysis, 

marketing strategies, and organizational decision-making. The study requires explicitly 

participants with knowledge, experience, and involvement in AI-based decision-making 

processes. Therefore, the purposive sampling method was used to select participants who 
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met these criteria, ensuring relevant data was collected (Knechel, 2019). The research 

focuses on AI adoption and its impact on strategic decision-making, necessitating input 

from experts and decision-makers rather than general staff. Purposive sampling helps 

target key informants who can provide valuable insights into the research questions. 

According to the University Grants Commission (UGC), Sri Lanka, there are more than 20 

private sector universities in the Colombo District, Sri Lanka (UGC , 2024). In the context 

of Sri Lanka, government universities provide free education and therefore rely less on 

competitive marketing strategies to attract students. In contrast, private universities 

operate in a highly competitive environment where student enrollment directly 

influences institutional sustainability. Their dependence on marketing tools and data-

driven strategies makes them ideal candidates to explore the research objectives. Further, 

the majority of private education institutions located in the Colombo district, which 

defined the geographical scope of the sample. The statistics of UGC reveal that there are 

more than 40 administrative, technical and primary staff in higher education institutions 

(UGC, 2022). The exact population cannot be identified due to lack of reliable statistics 

related to private sector universities. Based on the available data, it can be assumed that 

the population of primary staff (decision makers), and administrative staff are 

approximately 800. Based on random sampling, at 95% confidence level, the sample size 

was 260. However, only 225 responses were completed for the questionnaire survey. 

Data Collection and Analysis 

Data collection was done using a questionnaire survey. 5 point likert scale was used to 

develop the questions under each variable. Data analysis was done using SPSS v26. 

Reliability and validity of the variables was tested first. Descriptive statistics, correlation 

analysis, regression analysis and moderator analysis were done to achieve the objectives 

of this study.  

This study adhered to strict ethical guidelines to ensure the privacy, anonymity, and 

confidentiality of all participants. Prior to data collection, participants were fully 

informed about the purpose, objectives, and procedures of the research, and their 

informed consent was obtained. Participation was voluntary, and respondents were 

assured that they could withdraw without any consequences. Data collected was stored 

securely and used solely for research purposes. No personally identifiable information 

was recorded, and responses were anonymized to protect participants’ identities.  

Data Analysis  

Table 2  

Demographic of the Respondents 

Factor   Frequency Percent 

Gender Male 103 45.8 

Female 122 54.2 

Total 225 100.0 
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Age Below 30 40 17.8 

31 - 40 78 34.7 

41 - 50 87 38.7 

Above 50 20 8.9 

  Total 225 100.0 

Experience in Higher Education 
sector (Years) 

Below 5 15 6.7 

5 - 10 35 15.6 

11 – 15 67 29.8 

16 – 20 72 32.0 

Above 20 36 16.0 

  Total 225 100.0 

Job Role Senior 
Manager/Director 

60 26.7 

Manager/Departme
nt Head 

58 25.8 

Supervisor/Team 
Leader 

56 24.9 

Executive/Administ
rative Staff 

51 22.7 

  Total 225 100.0 

Source: Data Analysis, SPSS 26 (2024) 

Table II presents the demographic characteristics of the respondents. Out of 225 

participants, 54.2% were female (n = 122), and 45.8% were male (n = 103), indicating a 

fairly balanced gender distribution. Regarding age,  of respondents (38.7%) were 

between 41 and 50 years old, followed by 34.7% aged 31–40 years. A smaller proportion 

(17.8%) were below 30, and 8.9% were above 50 years.  Regarding experience in the 

higher education sector, 32% had 16–20 years of experience, and 29.8% had 11–15 years 

of experience, while fewer respondents had 5–10 years (15.6%) or less than 5 years 

(6.7%). Notably, 16% had over 20 years of experience, reflecting a significant presence of 

seasoned professionals. Job role distribution shows that 26.7% held senior management 

or director positions, 25.8% were managers or department heads, 24.9% served as 

supervisors or team leaders, and 22.7% were executive or administrative staff.  

Table 3  
Reliability Statistics 

Variable Cronbach's 
Alpha 

N of Items 

AI-driven Marketing Analytics 0.93 8.00 

Organizational Culture 0.95 7.00 

Effectiveness of strategic decision making 0.94 8.00 
Source: Data Analysis, SPSS 26 (2024) 

Table III presents the reliability analysis of the study's variables, measured using 

Cronbach's Alpha, which assesses internal consistency.  The AI-driven Marketing 
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Analytics achieved a Cronbach's Alpha of 0.93, Organizational Culture 0.95, and 

Effectiveness of Strategic Decision-Making 0.94. Therefore, all constructs exhibit higher 

reliability, ensuring the measures used are dependable and suitable for further statistical 

analysis. 

Table 4  
Validity 

KMO and Bartlett's Test 
Kaiser-Meyer-Olkin Measure of Sampling Adequacy. .648 
Bartlett's Test of Sphericity Approx. Chi-Square 782.693 

df 3 
Sig. .000 

Source: Data Analysis, SPSS 26 (2024) 

Table IV presents the results of the Kaiser-Meyer-Olkin (KMO) Measure of Sampling 

Adequacy and Bartlett's Test of Sphericity, which assess the validity of the data for factor 

analysis. The KMO value is 0.648, indicating a moderate level of sampling adequacy. 

According to Kaiser’s criteria, a KMO value above 0.6 is considered acceptable, suggesting 

that the sample is adequate for factor analysis. The Bartlett's Test of Sphericity reports a 

Chi-Square value of 782.693 with 3 degrees of freedom (df) and a p-value of 0.000. The 

validity results prove that the measurements are valid for further analysis. 

Table 5  

Correlation Analysis 

    Effectiveness of 
strategic decision-

making 
AI-driven 
Marketing Analytics 

Pearson Correlation .652** 

  Sig. (2-tailed) 0.000 

  N 225 

Organizational 
Culture 

Pearson Correlation .974** 

  Sig. (2-tailed) 0.000 

  N 225 

Effectiveness of 
strategic decision 
making 

Pearson Correlation 1 

  Sig. (2-tailed)   

  N 225 

**. Correlation is significant at the 0.01 level (2-tailed). 

Source: Data Analysis, SPSS 26 (2024) 

Table V presents the Pearson correlation coefficients to assess the relationships between 

AI-driven Marketing Analytics, Organizational Culture, and Effectiveness of Strategic 

Decision-Making. The results reveal a strong positive correlation (r = 0.652, p < 0.01) 

between AI-driven Marketing Analytics and Effectiveness of Strategic Decision-Making. 
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Therefore, it is clear that the effective use of AI tools for data analysis and insights 

significantly enhances strategic decision-making processes. Organizational Culture 

demonstrates a strong positive correlation (r = 0.974, p < 0.01) with Effectiveness of 

Strategic Decision-Making, highlighting the critical role of a supportive and innovation-

oriented culture in enabling effective decisions. Both correlations are statistically 

significant at the 0.01 level, suggesting robust relationships. 

Table 6 
Regression Coefficients 

Coefficientsa 

Model  Standardized 
Coefficients 

t Sig. 

  Beta     

1 (Constant) -0.824 0.160   -5.144 0.000 

  A_D_M_A 0.135 0.041 0.063 3.306 0.001 

  O_C 1.027 0.021 0.934 48.788 0.000 

a. Dependent Variable: Effectiveness of strategic decision making 

Source: Data Analysis, SPSS 26 (2024) 

Table VI presents the regression coefficients to evaluate the impact of AI-driven 

Marketing Analytics (A_D_M_A) and Organizational Culture (O_C) on the Effectiveness of 

Strategic Decision-Making. The results indicate that Organizational Culture (O_C) has a 

highly significant positive influence (β = 0.934, p < 0.001). This proves that promoting a 
supportive and innovation-oriented culture significantly improves strategic decisions. 

Similarly, AI-driven Marketing Analytics (A_D_M_A) also exhibits a positive and 

statistically significant impact (β = 0.063, p = 0.001), implying that leveraging AI tools for 

data analysis moderately supports decision-making processes and rejects the null 

hypothesis, H10. Although the bivariate correlation between ADMA and DM is moderately 

strong (r = 0.652), the standardized regression coefficient for ADMA in the multiple 

regression model is relatively low (β = 0.063, p = 0.001). This discrepancy suggests that 

much of the variance explained by ADMA may overlap with that of Organizational Culture.  

This indicates that while AI-driven marketing analytics do contribute to effective 

decision-making, their impact is modest when organizational culture is accounted for. 

Table 7 

Moderator Analysis 

Model Summary 

  R 0.976   

  
R² 

0.952
7   

  

Mean Square Error 
(MSE) 

0.002
7   

  
F-value 

1482.
84   
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Degrees of Freedom 
(df1, df2) 

3, 221 
  

    
p-value 

< 
0.001     

Variables 
β 

(Coefficien
t) 

SE 
t-

value 
p-

value 
95% CI 

(LL – UL) 

Constant 112.4095 40.5051 2.78 0.006 
[32.5837, 
192.2353] 

AI-Driven Marketing 
Analytics (A_D_M_A) 

-22.5605 8.1186 -2.78 
0.005

9 
[-38.5603, 
-6.5606] 

Organizational Culture 
(O_C) 

-26.26 9.761 -2.69 
0.007

7 
[-45.4965, 
-7.0235] 

A_D_M_A × O_C 
(Interaction) 

5.4673 1.9557 2.8 
0.005

6 
[1.6131, 
9.3216] 

Source: Data Analysis, SPSS 26 (2024) 

Table VI presents the results of the moderator analysis conducted to examine whether 

Organizational Culture (O_C) moderates the relationship between AI-Driven Marketing 

Analytics (A_D_M_A) and the Effectiveness of Strategic Decision Making. The model 

summary indicates a high explanatory power with an R value of 0.9760 and an R-squared 

(R²) value of 0.9527. It proves that approximately 95.27% of the variance in strategic 

decision-making effectiveness is explained by the predictors and their interaction term. 

The F-statistic (1482.8435) is highly significant (p = 0.0000), confirming the model's 

overall fit. In the coefficients table, the interaction term (Int_1) is statistically significant 

(β = 5.4673, p = 0.0056), indicating a moderating effect of organizational culture. Both 

A_D_M_A (β = -22.5605, p = 0.0059) and O_C (β = -26.2600, p = 0.0077) also exhibit 

significant main effects, demonstrating their individual impacts on decision-making 

effectiveness. The conditional effects analysis shows that at different levels of O_C, the 

effect of A_D_M_A remains positive and statistically significant (β = 4.7761, p = 0.0044), 

with confidence intervals (LLCI = 1.5037, ULCI = 8.0486) confirming the reliability of the 

results. The findings confirm that organizational culture significantly moderates the 

relationship between AI-driven marketing Analytics and the effectiveness of strategic 

decision-making, rejecting the null hypothesis, H20. 

Discussion  

The data analysis results demonstrate that AI-driven Marketing Analytics has a positive 

and statistically significant impact (β = 0.063, p = 0.001) on the effectiveness of strategic 

decision-making. This finding aligns with existing literature that emphasizes AI’s 

transformative role in improving decision-making processes through advanced analytical 
capabilities (Machireddy et al., 2021; Nama et al., 2023). AI-driven tools process complex 

datasets with high precision and scalability. It facilitates businesses to identify hidden 

patterns and predict future trends (Raghunath et al., 2023). The moderate yet significant 

impact of AI-driven Marketing Analytics underscores its ability to generate actionable 

insights for optimizing decision-making processes. As highlighted by Haleem et al. 

(2022), AI algorithms leverage machine learning (ML) to enhance scalability and improve 

performance over time by continuously processing new data. This ability to adapt and 
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evolve makes AI systems invaluable for analyzing market dynamics and identifying 

growth opportunities, contributing to better strategic alignment. Moreover, AI’s capacity 

to unify data from multiple sources enables organizations to conduct comprehensive 

analyses, ensuring well-informed and context-specific decisions (Paschen et al., 2019). In 

addition to improving internal processes, AI-driven Marketing Analytics enhances 

customer experience through personalized marketing strategies based on consumer 

preferences and behaviors (Boppiniti, 2022). AI algorithms optimize content delivery and 

campaign timing, enhancing customer engagement and loyalty (Babatunde et al., 2024). 

These insights enable businesses to refine their strategies, creating a competitive edge 

through targeted marketing efforts. The ability to evaluate competitors’ campaigns and 

identify market gaps further supports organizations in differentiating themselves and 

adapting to market trends (Iyelolu et al., 2024; Rahman et al., 2024). 

The conditional effects analysis highlights that organizational culture (O_C) significantly 

moderates the relationship between AI-driven Marketing Analytics (A_D_M_A) and the 

effectiveness of strategic decision-making (β = 4.7761, p = 0.0044). This finding 

underscores the critical role of organizational culture in enhancing the adoption and 

utilization of AI tools to improve decision-making processes. Organizational culture 

establishes the foundation for how employees interact, adapt to changes, and utilize 

resources (Elsbach & Stigliani, 2018). A strong organizational culture aligns employees 

with organizational goals, enhances engagement, and supports strategic flexibility, 

making it a key enabler of AI adoption (Akanji et al., 2020). The findings align with prior 

research emphasizing that a culture fostering innovation and collaboration is vital for the 

successful implementation of AI systems in decision-making processes (Tian et al., 2018). 

As described by Tian et al. (2018), innovation-oriented cultures promote creativity, 

experimentation, and adaptability, factors that encourage organizations to adopt AI tools 

to streamline operations and optimize decision-making. Organizations that prioritize 

research and development and support the integration of emerging technologies tend to 

create an environment conducive to AI adoption. This aligns with findings from Cao et al. 

(2021),  highlighting that managers' attitudes and concerns about AI technologies are 

pivotal for their adoption. When organizational culture fosters trust and reduces fears 

associated with AI, it enhances the effective use of AI in decision-making processes. 

Moreover, Chaudhuri et al. (2024) emphasize that data-driven organizational cultures 

significantly influence product innovation and process improvements, leading to 

enhanced performance outcomes. Organizations with such cultures are better positioned 

to harness AI tools effectively, enabling data-driven insights and facilitating informed 

decision-making. This supports the study’s findings that AI tools, when embedded in a 

supportive organizational culture, improve the efficiency, accuracy, and scalability of 

decisions. Shrestha et al. (2019) argue that AI-based decision-making differs from human 

decision-making due to its speed, interpretability, and replicability. Therefore, 

organizations that promote collaborative or hybrid decision-making structures—where 

AI complements human judgment—can maximize AI’s benefits for strategic decisions. 

Such hybrid frameworks encourage transparency, adaptability, and cross-functional 
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collaboration, ensuring AI is perceived as a tool that enhances human expertise rather 

than replacing it. By promoting AI readiness through training, supportive policies, and 

adaptive work environments, these organizations mitigate implementation challenges 

and drive more effective outcomes (Cao et al., 2021; Chaudhuri et al., 2024). Hence, it is 

clear that the data analysis confirms that organizational culture serves as a critical 

moderator in strengthening the relationship between AI-driven Marketing Analytics and 

decision-making effectiveness. 

Conclusion  

The findings confirm that AI-driven marketing analytics positively improve strategic 

marketing decision-making. AI tools help universities to make informed decisions by 

identifying patterns, predicting trends, and providing actionable insights, leading to more 

efficient and accurate strategies. According to the findings, it is clear that Organizational 

culture significantly influences how effectively AI tools are utilized. A culture that 

encourages innovation, data-driven practices, and collaboration fosters a supportive 

environment for AI adoption, maximizing its impact on marketing decision-making. It is 

important to highlight that universities with a strong innovation-oriented culture are 

better equipped to adopt AI technologies. Such cultures promote experimentation, 

adaptability, and continuous learning, enabling organizations to integrate AI into 

marketing decision-making processes. This facilitates these institutes to attract more 

students. The analysis highlights that the combined effect of AI tools and a supportive 

organizational culture leads to better strategic outcomes. AI tools provide analytical 

insights for successful marketing campaigns, while a culture of trust, openness, and 

adaptability ensures that these insights are effectively utilized in practice in universities. 

Further, the findings prove that universities that prioritize data-driven decision-making 

are more likely to benefit from AI implementation. Data-focused cultures emphasize 

evidence-based marketing strategies which improve both performance and competitive 

positioning. Integrating AI tools with human judgment creates a hybrid decision-making 

approach that leverages AI’s speed and accuracy while maintaining human oversight and 

flexibility. This balance helps organizations effectively respond to changing market 

conditions. On the other hand, it is important to note that support from leadership and 

management in the universities is essential for addressing concerns about AI adoption. 

Training, trust-building, and resource allocation are crucial in ensuring AI systems are 

embraced and used effectively. 

Implications 

Private universities should prioritize fostering a data-driven and innovation-focused 

organizational culture to enhance the adoption and effectiveness of AI-driven marketing 

analytics in strategic decision-making. Institutions should implement faculty and staff 

training programs to improve AI literacy, enabling stakeholders to effectively analyze 

data, interpret AI-driven insights, and make informed decisions. Establishing 

collaborative decision-making frameworks integrating AI analytics with human expertise 

can optimize strategic outcomes. Leadership teams should promote trust and 
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transparency in AI systems by addressing data privacy, security, and reliability concerns. 

Additionally, private universities need to invest in modern AI tools and data management 

systems while maintaining ethical data governance practices to ensure compliance and 

protect sensitive information. Regular performance evaluations and feedback loops 

should also be incorporated to assess AI’s impact, refine strategies, and continuously 

improve decision-making processes to remain competitive in the evolving education 

sector in Sri Lanka. This study contributes to the limited body of literature on the use of 

AI-driven marketing analytics in the context of Sri Lankan private higher education. It 

highlighted the role of AI in improving strategic marketing decision-making. The above 

findings provide a context-specific extension to existing research largely dominated by 

corporate-sector settings. The findings empirically validate the moderating role of 

organizational culture as a key enabler in technology adoption. University administrators 

should focus on nurturing a culture that supports continuous learning and data-driven 

practices. It can enhances the effectiveness of AI tools. 

Limitations and Future Research 

 However, this study was conducted in private universities. This limits the generalizability 

of the findings to public universities or other sectors. Therefore, future research could 

examine public universities and other sectors to determine whether similar patterns 

emerge, improving the generalizability of findings. Further, incorporating qualitative 

approaches such as interviews and focus groups can provide deeper insights into the 

practical challenges and success stories related to AI adoption in higher education. 
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